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AKTYyaJIbHOCTH
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Ilemu

* Y3HaTh, KaK YCTPOECHBI HEMPOHHBIE CETH
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3amaun

e N3yuuts "Ckener" u npuHIMO padOTHI
HEUPOHHBIX CETEN

* Y3HaTh, KaKk 00y4arOTCSI HEHPOHHBIE CETH



I urmoresa

* MOXHO Cc03/1aTh HEUPOHHYIO CETH
CaMOCTOATEJBHO.
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CyLlecTByeT MHOroobpasune apxuTtekTyp

O Backfed Input Cell
Input Cell

A Noisy Input Cell

@ Hidden ceul

. Probablistic Hidden Cell

. Spiking Hidden Cell

. Output Cell

. Match Input Output Cell

. Recurrent Cell

. Memory Cell

‘ Different Memory Cell
Kernel

O Convolution or Pool

A mostly complete chart of

Neural Networks .........

©2016 Fjodor van Veen - asimovinstitute.org

Generative Adversarial Network (GAN) Liquid State Machine (LSM)  Extremne Learning Machine (ELM) Echo State Network (ESN}

e

Deep Residual Netwark (DRN) Kahonan Network (KN)  Support Vector Machine (SVM) - Neural Turing Machire (NTM)

Feed Forward (FF)  Radial Basis Network (RBF)

Long / Short Term Memory (LSTM)  Gated Recurrent Unit (GRU)
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Recurrent Neural Network (RNN)
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Deep Convoluticnal Network (DCN) Deconvelutional Netwerk (ON) Deep Convolutional Inverse Graphics Netwark (CCIGN)

Auto Encoder (AE)

Variational AE (VAE)

Denoising AE (DAE) Sparse AE (SAE)
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CTpyKTypa HEUPOHHOHU CETHU
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MeToabl 00y4YeHUs HEUPOHHBIX
CETEU

* Genetic Algorithm (I'eneTnueckuit
AJITOpPUTM)

* Backpropagation (MeToa o0parHOro
pPaCIpPOCTPAHCHUS)

 Resilientpropagation (Meton yrpyroro
pPaCIPOCTPAHCHUS)



Back Propagation

Forwardpass Backwardpass
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Co3nanne COOCTBEHHOW HEMPOHHOM
CETHU




BEIBOI

41 y3Ha 0 TOM, Kak yCTPOEHBI HEUPOHHBIE CETH,
KaK co37aTh U 00yuuTh HelipoceTh. IIpu padoTe
HaJl IPOSKTOM s yOeIuIcs B TOM, YTO CO34aTh
HEUPOHHYIO CETh CAMOMY BO3MOXHO, XOTb U
CIIOKHO. ] moOMIICS CBOUX IIeJIEN, MOU 3a1auH
BBIIIOJIHECHBI, 4 TUIIOTE3a JOCTUTHYTA. S MOHSII,
4YTO HEHPOHHBIEC CETH OYCHb BAPUATUBHBI U MOT'YT
IPUMEHSTHCS BO BCEX 00JIaCTIX HAyKH, a UX
pacIpoCTPaHCHUE U 3HAYNMOCTD C KaXKIbIM T'OJ0M
OyIyT pacTH.



