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1. Illeab ucoJib30BaHUA
AHAJIMTHYECKHX CJYKO

NHdopmaLnsa, KOTOPYHO Bbl ULLIETE, YXKe HaxoauTca B
Ballen base gaHHbIX. HoO OHa cnipsiTaHa goCTaToO4YHO
rmyoboko, N0O3TOMY HAaNTK ee, NPOCTO NPOCMOTPEBR
OaHHble, OyOeT OOBOSIbHO CITOXHO.

Lobbiva gaHHbIX (data mining) nasnekaet HaMHOro
borblue nHdopmMauun, coaepxallencsa B Ballnx
OaHHbIX, NO3BONASA BaM OOHapYXXMBaTb CKPbITbIEe
B3aMMOCBS3M B JaHHbIX, HAXOOUTb TEHOEHLUNMN,
HabntogaTh 3a NPUYNHAMUM KOHKPETHbLIX COOLITUN
nnbo gaxke npenckasbiBaTb NPOU3BOANTENBHOCTb
NN HanpaeneHune Ans oTaernbHbIX acnekToB
OaHHbIX.



AHaauTnueckue moaeau B SQL Server
2005

gl 7. Data Mining Wizard = =10] x|

= Select the Data Mining Technique

Select the data mining technique that is most applicable to the type of analysis 8
that vou are performing. ,

YWhich data mining technique do you want to use?

Microsoft Decision Trees

| «

Microsoft Clustering

‘Microsoft Decision Trees
Microsoft Linear Regression
Microsoft Logistic Regression
Microsoft MNaive Bayes
Microsoft Neural Network
Microsoft Sequence Clustering
Microsoft Time Series




2. Moaejau 100bIYM JAHHBIX
(DataMining)

Mopenb 0obblumn AaHHbIX NpeacTaBnseT cobon
BUPTYaribHY CTPYKTYPY, XPaHSILLYIO AAHHbIE,
ncnonb3yemble Npu BbINONHEHMN J0ObIYN JaHHbIX Ha
SQL Server. lHdbopmauusa B Mogenn XxpaHUTCA B
TOM e Buae, Yto U B 6a3e gaHHbIX, HO BMECTO
peanbHbIX AaHHbIX B HEN HaxoaaTcs npaBunia u
LabroHbl ANst AaHHbIX, XPaHUMBbIX B MOAenn. 3Tu
npaBusa n WabnoHbl SABNAKTCA MHTEpNpeTaLunuamm
MHOTOMEpPHbIX JaHHbIX B BUAE CTaTUCTUYECKOMN
MHopmMaLun, KoTopaqa B AaribHeULEM
NCNONb3yeTca Ans npeackasaHus dyayLwero
noBegeHUs1 U U3MeHeHUs onpeaerieHHbIX acrnekToB
AAHHbIX.



3. AIropuTMsl 100bIYH JAHHBIX

Microsoft Association Rules. [1paBuna accoumaunin YT 3reMeHTbI, KOTOpble Hanbonee
BEPOSATHO MOABMSAOTCA BMECTE B TPaH3aKUMAX U MOryT ObITb MCNONb30BaHbl ANs
MNPOrHO3MPOBAHNSA NPUCYTCTBUS dNEMEHTA Ha OCHOBAaHMM CYLLLECTBOBaHUS APYrMx TpaH3aKUuW.

Microsoft Clustering. Knactepunsauma nwet ectecTBeHHble rpynnMpoBKN AaHHbIX. OTO
0CODEHHO NOosie3Ho, ecrniv Bbl XOTUTE BUAETb YCIOBUS, KOTOPbIE UMEIKOT TEHAEHLMNIO NOABNATLCS
BMecTe.

Microsoft Decision Tree. [lepeBo peLueHnin NO3BONSET co3aaBaTh MPOrHO3bl U BUPTYarbHblE
N3MepPEHNSI HA OCHOBE pe3ynbTaToB aHanunaa.

Microsoft Linear Regression. icnonb3oBaHne ctaTUCTUKN JIMHENHOW perpeccun,
NO3BONSIOLLEN HA OCHOBaHMN CYLLECTBYHOLLMX AAaHHbLIX NPOrHo3npoBaTh byaywme.

Microsoft Logistic Regression. Vicnonb3oBaHne CTaTUCTUKN NOTMCTUYECKON perpeccun,
MNO3BONSIOLLEN HA OCHOBaHUN CYLLECTBYHOLLUMX AaHHbIX NPOrHO3npoBas dyayLume.

Microsoft Naive Bayes. Naive Bayes npeacrasnsier cobon anroputm Knaccmdukaumu,
KOTOpPbI XopoLlo cebsi 3apekomeHaoBan B MoOAEnNsiX NPOrHO3MPOBaHUS €CnNK TOSNTbKO aTpubyThl
ANCKPETHbI UM ANCKPETU3MpPOBaHbI. [pegnonaraeTcs YTo BCce BXOAHblE aTpubyThl HE 3aBUCAT
OT NPOrHO3NPYEMOrO.

Microsoft Neural Network. HeipoHHble ceTn ny4ywe Bcero ncnonb3oBartb A1
Knaccudukaumm QUCKPETHbIX aTpnbyTOB, a TakkKe perpeccun HenpepbiBHbIX aTpubyToB, ecnu
Bbl 3aMHTEPECOBaHbI B NPOrHO3MPOBaHUM MHOXECTBa aTpubyToB.

Microsoft Sequence Clustering. Knactepusauus nocrnegoBaTenbHOCTEN NO3BONSAET
NpPOrHo3npoBaTb Hanbonee BEPOATHLIN MOPAAOK COOLITUI B NnocneaoBaTefibHOCTN, OCHOBAHHOM
Ha M3BECTHbIX XapaKkTepucTukax.

Microsoft Time Series. BpemeHHble psabl NO3BONSAKOT NPOrHO3MpoBaTh dyayLumne cobblTng,
3aBuCsLLME OT BPEMEHN HA OCHOBE N3BECTHbLIX UM OBHapPY>KeHHbIX LWabrnoHoB.



3.1. MeToa nepeBbs pelieHUHA

[lepeBbs pelleHnn NPUMEHSOTCA YXKe
OOBOMbLHO J0Sroe BpeMs ang nomcka Habopa
onpeaeneHHbIX XapakTepUcTMK U npaBun, a
TakKke onpegerneHns BNUSHUA 3TUX NpaBuUr
Ha UCKOMYIO nepeMeHHy. Hanpumep, korga
BaM NOHAO00UTCA onpeaennTb XxapakTepHbIe
NPU3HAKN KINMEHTA, KOTOPbIN C HanbornbLUEN
BEPOATHOCTU OTBETUT HA PACCbINIKY
obpa3LoB ToOBapa, BaM NpuaeTcsi NepeBeCcTU
9TU XapaKTEPUCTUKM B HADOp npasun.



3agada o rpudax. Data Mining, Oyaer
COCTOATH U3 IBYX IPOLIECCOB:

oby4yeHne Moaenu (KoTopoe BbINONTHAETCS

OOHOKpaTHO N TpebyeT OTHOCUTENBHO MHOIO
BpEMEHW)

N MPUHATNE PELLEHNA O TOM, OTHOCUTCS NN
KOHKPETHBIN rPub K KaTeropmm cbeaobHbIX
(4TO NpoUCXOANT HEOOHOKPATHO).



HUcxoanbie 1aHHBLIE

B ka4yecTBe UCXOOHbIX AAHHbIX ANs 00y4YeHUa Moaenu Mol
BOCMOSIb3yemMcsi Habopom AaHHbIX B 8416 rpumbos,
OOCTYNHbIX B BUAe dpavna B popmare CSV no agpecy
KOTOPbIN COAEPXKUT Tabnuuy, rae MMeeTca KONoHKa
Edibility c agByma Bo3aMOXHbIMK 3Ha4deHusaMun (edible -
CbedobHbIWM M POISONOUS - 500BUTLIN). Pann coaepxuT
Tabnuuy, coctosLyto u3 24 ctonbuos: 22 npuaHaka,
TaKnx, Kak dpopma 1 UBET LUNAMNKU, HOXKK U T. O., cTonobew
Edibility (cbenobHocTb) ¢ ABYMSA BO3MOXHbIMU
3HadyeHusimmn (Edible — cbegobHbIN 1 poisonous —
A00BUTLIN) K KntoyeBoe nosie Number, cogepxaluee
YHUKanbHble KIoun HabntogeHnn ot 1 0o 8416).



HcxoqHbIe JaHHBIE K ONPEACICHUIO
IIPU3HAKOB ChEeIOOHOCTH I'PHOOB

EJ Microsoft Access - [musrooms _ru: Table] =
iEl He Edt Vew [nsert Fomat Records look Window el Type a question for help 5 ISR
K- EHR SRV iaa 0@ Nl YET A K Da- 0.
key | ceepobrocte | sanax | yser_winanm | _cnop | wopers_hoxkn | dopma_Hoxkm | «

I cregobuelin  muHgansHeii  Beneli kopHuKeesl  nykoBuye0bpasHui  Ccyxalulaacs =

2 ceenobublil MUMaaneMbl | Benwli NypypHEiR NYKOBHUEODPaIHLIN  CYWAOWAACA

3 cvegobxeit  muHAaneHbi | Benwi KOpPMNHEBBI  NyKoBMUE0DPasHei  CyxalwWaaca

4/ cvenobrbi  MHHAANBHbIA  Benwii NYPNYPHEIA NYKOBMUE0BpasHeii  CYXaWaAcA

5 ceepobubi  MuHAENEHbIA  Benbli KOpHYHEBsI  NyKoBMYE0BpasHuR  cyxaulaaca

B chefobHLIl  aHNCOBLIR Beneii NypNypHeIR NyroeuyeobpasHull  CyMaKU|EACA

7 cuenobMBIin  aHWCOBLIA Benei KOpHuHeBsll  nykoBuyeobpasHuil  Cywalwaaca

8 cvenobueit  awucoebid | Beneld NypnypHeit NykoBuye0bpadHeil  CYWaloWaaca

9 cvenobrbit  awncosbi® | Benwi KOPWYHEBRA  NYKOBHMULODpasHuil  CYRalWaaca

10 coenobrbi  anucosbid  Benwii NypnypHeit nykosuyeobpasHeit  cyxaowbaca

11 cbenofkbin  akncoebin  Benwii KOPHYHEBHIA  NYKOBMUEOBPasHEIN  Cyalwanca

12 coefobubii  MHUHOANBHBIA XenThii nypnypHei NYKOBMYE0DPAIHLIR  CyWaKLWaaca

13 cvenobMuif MUHOANEHbIE  MenThIR KOpWuMEBHA  nykoBuyeoBpasHui | cywalowaacs

14 coenobHeli  MHHOANLHBIA XENTbIA NypRypHEit nykoeuyeobpasHeil  CYKAOWEACA

15 coenobHblin  MHHAANbHBIA KENTHIA KOPWMHEBRIA  NykoBMUeO0BpasHH CYXalWanca o
Record: M| « [T 10 v |1 o Ba1s < | _»rj
Datashest View £




Br100op noJjien 11 McCae10BaAHUA

Mining Model Wizard

A5 v
Select input and predictable columns = )
s

Select at least one input column and one prediction column from the available columns. &n input column
contains the information on which you want ko base your analysis, A prediction column contains the
predictions the mining model makes based on the information in the input column. As a convenience ko you,
all predictable columns will be considered inputs as well,

Available columns:

=-=] musrooms_ru T

<]

rPYNNHPOBKa
[ sanax
[F kopeHe_Howxkm
[F] vecto_oburanma
[E] Hannume_nospesxaerii

[F] noeepxHocTe_Homkmn_Haa_k
[F] noeepxHocTe_Howkn_noa_k

[F] nosepxHocTe_wnankw

2

[~ Finish the mining model in the editor

Predictable columns:

=1-=2] musrooms_ru
B, cveacbHocTs

Input columns:

[=-=5] musrooms_ru
T rpynnupoexa
TV sanax

BV KopeHb_HOMXKH

< Back

| Cancel




IIpuMep oTyeTa aepeBa pelieHUn




IlpaBuiaa kiaaccu(puKaAIUM JAaHHBIX
BLITVIAAAT TaK:

ecnu 3anax rpnbda MmHaanbHbIN UNK
aHucosbin (Odor = ALMOND wmnu Odor =
ANIS), To rpnb cvenobHbin (EDIBLE);

eCcnu 3anax gpyron, 1o rpnd 900BUTbI
(POISONOUS);

ecnu 3anaxa Het (Odor = NONE), To Bonpoc
TpedyeT ganbHENLLIEro N3y4eHus.



Bropou ypoBeHb uepapxuu

BTopoun ypoBeHb nepapxum AOCTYMNEH TOMNbKO
Onsi BETBU, cogeprkallen gaHHble O rpubax
be3 3anaxa, N03ToOMYy OYepenHbIM
napamMeTpoM B 3TOM CJiyvyae OKa3biBaeTCH
LIBET crop (ecnun cnopbl 3eneHble (Spore Print
Color = GREEN), To rpnb agosutein), ecnu
apyron (Spore print color not = GREEN), To,
ONATb Xe, HeobxoaMM aHanu3 eLle Kakoro-To
napameTpa.



Tperun ypoBeHs Hepapxuu

TpeTun ypoBeHb nepapxmn - NOBEPXHOCTb
HOXKK nopg Konbuom (Stalk Surface Below
Ring), ganee ons rpnbos ¢ YelwynyaTbiMu
HoxKamu (Stalk Surface Below Ring =
SCALY) - aHanusupyem tun kosneu (Ring
Type), a ansa octarbHbIX - pa3Mep MIacTUHKK
(Gill Size) v uset wnankm (Cap color).



Oo0JacTh NPpUMEHEHU A

Taknm obpasom, anropmTM NOCTPOEHUS
OEePEBLEB pPeLLUEHNN NMO3BOMSET ONPeaenunTb
Habop 3HAa4YEHUN XapaKTEPUCTUK,
NO3BONAKOLWNX OTOAENNTb OQHY KaTeroputo
OaHHbIX OT Apyrov (B 4aHHOW cuTyauum -
CbefobHbIe rpnbbLI OT HECHLEAODHbLIX); 3TOT
NnpoLuecc Ha3blBalOT CErMeHTaLNEN.



3.2. Kinacrepu3anus

[1pn nomoLin Knactepusaumm nHpopmaums
rpynnmpyeTca No CXoXnm npusHakam. B
pes3yrnerate NpUMeHeHns JaHHON MeToaNKN
Mbl NONMy4YaeM CErMeHTbl AaHHbIX, KaXablnu U3
KOTOPbIX COCTOUT U3 3NEMEHTOB, CXOXNX NO
onpeaeneHHbIM Npu3Hakam.



PaccMoOTpUM MHOTO(AKTOPHYIO MOIE/Ib
aHaJm3a uHjaexkca PTC

3agauun, pellaemMble B NpoLecce Knactepusaumm BbIrmsaaaT creayowmm
obpasom:

1. NOCTPOUTL KnacTtepHyo moaens niagekca PTC;

1.1. nponsBeCTN NnogcoeanHeHne K MHOroMepHoOMY XpaHunuuy (Kyoy)
KaK K UCTOYHUKY UCXOAHbIX JAHHbIX;

1.2. onpegenntb HeobxoamMmble N3MEPEHUS;
1.3. paccuuTaTtb KnactepHyto mogens ansa nHaekca PTC;

1.4. NOCTPOUTb BU3yaribHY0 rpapruyeckyto Mogenb KnactepoB MHOEKCa
PTC;

2. NPOM3BECTU aHanu3 NOCTPOEHHOW KnacTtepHon mogenu nHaekca PTC;
2.1. BbIACHUTb HaNMM4ne 1 cuIy CBA3N MeXay Knacrepamu;
2.2. NOCTPOUTb rpadnyeckoe npeacTaBreHme cCoaep>KMMoro KnacTepos;

2.3. NonyyvynTb BEPOATHOCTU TOroO, 4YTO 3HA4YE€HUE BXOOAHOIO anM6yTa
nonaaeT B KIacTep,

2.4. BbIIBUTb pasnnyna Mexay Krnacrepamum ¢ HU3KUM U1 BbICOKUM
nHaoekcom PTC.



Ilpumep KjIacrepusanuu

i mmme - [ —
“luster Diagram | Cluster Profiles | Cluster Characteristics | Cluster Discrimination |
Q Q 5y 53 2; & c?b) Shading Yariable: |Population ;l

State: I j
Al Links E=m)
;

Density: MNone

Deployment Prd

Server : localhos
Database : Analy

strongest Links




Ilepememas aeuxkok All Links BBepX UM BHU3, MOKHO
NMPOCMOTPETh HAJIMYME CUJILHBIX M CJIa0bIX CBSA3ed MEXKIY
KJacTepamMu

[A\ Mining Structure |f\ Mining Models [g‘; Mining Model Viewer ] Z=| Mining Accuracy Chart |i7 Mining Model Prediction

Mining Model: IAII Dim_Cl-1 LI Viewer: |Microsoft Cluster Yiewer LI 12
Cluster Diagram Icluster Profiles | Cluster Characteristics | Cluster Discrimination |

R Qe Shading Variable: |Population ;I

State: | _'J

Density: MNone

AlLinks &=

Deployment Progress |

Server : localhost

Database : Analysis Service

Strongest Links



ITaneap Cluster Discrimination

Mining Model: ]all Dim_cl-1 >|  viewer: |Microsoft Cluster Viewer =S

Cluster Diagram | Cluster Profiles | Cluster Characteristics ~ Cluster Discrimination I

Cluster 1: %% Cluster 2: ICluster =] ;I

Discrimination scores for Cluster 4 and Cluster 8

Variables Yalues Favors Cluster 4 Favors Cluster 8
RTRD M DIRI 115,9-179,7 | e |

RTRD M DIRI 179,7 - 222,0 I |
WAGR M 79,3-137,4 1

WAGR M 137,4 - 170,8 E—
IPCDE 98,8 -119,2 ]

IPCDE 119,2 - 132,0 [Es|

RTS M 0,0 - 1077,4 [

RTS M 1077,4 - 1628,8 | —

Date 20.09.2005 13:12:36 - 01.10,2006 ... ]

Date 01.01.1995 0:00:00 - 20.09.2005 1... |Ee——|

INVFC M 333,1-574,5 | —]

INVFC M 7,2 -333,1 1

RDEXRO M 27,9-30,6 R

RDEXRO M 4,0-27,9 ==

EPNG 142,7 - 148,0 =)

EPNG 90,0 - 142,7 [E—

MQ C 86,0 - 136,5 |

IMQ C 136,5 - 143,38 =




4. ITocTpoenue Moaeu 100bIYU JAHHBIX

uild Debug Database Cube Tools Window Community Help

s B v] p |Development '|@§%D'ﬁ
RTS Data-1.cube [Design] | Start Page | v x| lilaslc

i calc... |g KPIs |L»B Acti... |% Part... |@ Per... |@ Tra... |Q Bro... | &
5 el e rarnae N | 0 ZDate.dim -
HEF X » s BRAIARR-B8- L I ko M.dim
- 2 CRM.dim
—l| | P |2 FIsH.dim
t + = I RTRD.dim
»»»»» I/ DEP M.dim
-~ 12 1B M.dim
----- 1 EMPLDEC.dim

m IMQ_C (db... I/ 1PCOE.dim

ﬁ;@ 7 ID -~ 2 WAG R M.dim
DEP_M MQ_C z EPNG.dim
Field1 oIMQ | P i U 1MQ C.dim
»»»»» . RDEXRO.dim
-~ 1/ LESN.dim
~~~~~ I/ MEeEP.dim
»»»»» I/ InvFC.dim
»»»»» I waG C M.dim
-~ 12 UNEMPL.dim

d ::c:z M T Fact(dboF.. | [ ™ LESN ||| |5 Mining Structures
- 5] = IDESN ||| e [ Roles
e I RT>M — -~ |z Assemblies

RTS_CLA... 5 —
= 1D_MEEP [ Miscellaneous ~

ID_CRM

1D DEPM M _

ID GKOM RTS Naka-1 ruhe =

Data Source View

h

F 3

| LESN (dbo....

F 3

3
fn
"
Z
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Bb100p cnnocoda XxpaHeHUS UCXOAHBIX
JTAHHbIX

7~. Data Mining Wizard - 10 x|
Select the Definition Method

Select the method to be used while creating the mining structure definition. . \

Which method do vou use to define the mining structure?

¢ From existing relational database or data warehouse

¢ {From existing cube :

Description:

This method defines a mining structure based on the structure of an existing cube.

< Back | Next = Einish =] l Cancel I




Br100op ky0a aJ1s1 JajibHerIero
aHaJIN3a

7~_ Data Mining Wizard —'—Iglll

Select Data Source View
Select the data source view to provide the data for the mining structure., \

Available data source views:

RTS1 = Tables: -

RT2 dbo.CR_M
RTS Data

dbo.Date
dbo.DEP_M
dbo.EMPLDEC
dbo.EPMNG
dbo.Fact
dbo.FISH
dbo.GKO_M
dbo.IB_M
dbo.IMQ_C
dbo. INYFC
dbo.IPCDE | —
dbo.LESH
dbo.MEEP
dbo.RDEXRO
| dbo.RTRD id|

Browse. ..

< Back “ Next = I Einish == I Cancel I




Bb10op aaropurma DataMining

/<. Data Mining Wizard ] —10] x|
Select the Data Mining Technique
Select the data mining technique that is most applicable to the type of analysis y \
that vou are performing. 4

wWhich data mining technique do vou want to use?

Description:

The Microsoft Maive Bayes algorithm is a classification algorithm that is quick to build, and
works well For predictive modeling. The algorithm supports only discrete or discretized
attributes, and it considers all the input attributes to be independent, given the predictable
attribute,

imish ==| | Cancel |

-

< Back “ MNext = I




Bp100p YPOBHA M3MepeHUS 1JI
MHOITOMEPHOU MOIEIHN

#<_Data Mining Wizard 3 =]

Select the Case Key
Select an attribute to be the key of the mining structure. \

Attributes:

= All Dirn -
e W

CR M

Date

DEFP M

EMPLDEC M

EPNG

FISH

GKO M

I6 M

IMQ C

INYFC M

IPCDE

LESN

MEEP

RDEXRO M ~|

inish == I Cancel |

-

< Back “ MNext = I




Bb100op aTpudyTOB

_ Data Mining Wizard 3 _lDl x]
Select Case Level Columns
Specify attributes and measures as case level columns of the mining structure. / \

Related Attributes and Measures:

[d:E crm -]

Date

DEP M

EMPLDEC M

EPMNG

(| FISH

[ | GKO M

18 M

IMQ C

INYFC 1M

IPCDE

(| LESH

|| MEEP

RDEXRO M

RTRD M DIRI

UMEMPL M

(| WAG C M

55 WAGRM

15 Calculated Measures
= [[ssl] Fact
[ wsil RTS CLASS
asl RTS M |l
=

< Back || Mext = I Einish ==| | Cancel I




PasznesieHue arpu0dyToB

7<_ Data Mining Wizard B = ||:||x|
Specify Mining Model Column Usage 7
Specify the usage of mining model columns and optionally add nested tables. // .\

Mining model structure:

T ables/Columns | ¥ Input |IF Predic.. |

=] &l Dim

55 Date v | ]
32 DEPM 4 —
22 EMPLDEC M ~ —
32 EPNG 4 —
= BM > —
32 IMQC v —
22 INVFC M ~ ]
22 IPCDE ~ —
22 RDEXROM ~ ]
22 RTRD M DIRI ~ |
22 UNEMPL M ~ ]
22 WAGRM ~ —
i RTSM = =

Add Mested Tables I Remowve [ested Table I

< Back || Mext = I Einish ==] I Cancel I
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BBoax uMmeHnun Mmojaesn

7~ Data Mining Wizard

Completing the Wizard
Completing the Data Mining Wizard by providing a name For the mining structure.

Mining structure name:

IAII Dim_MNavBayes-1

Mining model name:
|l Dim_NavBayes-1 I~ allow drill through

Preview:

= A, all Dim_MavBayes-1 =
= Columns

&ll Dim
Date
DEP M
EMPLDEC M
EPNG
1B M
MQ € !
INYFC M
IPCDE
RDEXRO M o

SAE1 nThn ranTnT

[T Create mining model dimension |A|| Dim_DMDim

[T~ Create cube using mining model dimension JRTS ALL Dim 1_DM

inish Cancel l

< Back | Mext > | Fi v
—— 4




Cnucoxk mogesier Data Mining

| 1 L ToTAreoanm
[l Fact (dbo.Fact) - |/ LESN.dim
D = - |/ MEEP.dim
RTS_M |2 INvFC.dim
RTS_CLASS - |2 waG CM.dim
ID_MEEP o |2 UNEMPL.dim
ID:CRM El (7 Mining Structures
ID_DEPM T
ID_GKOM - [z Rolel [§ Open
ID_IBM o | Ass | FR— I
ID_RDEXRO m s, O i
: Browse

o
m‘_;' First.dmm q
g‘% ﬁl | —: Yiew Code t

View Designer




Pacuer Mmomesim

B naHenn MS_Solution Explorer wenkHurte
npaBouv KHOMKOW MbILLN HA UMEHUN MOAENN U
N3 KOHTEKCTHOro MeHI Bbibepute Process
Model... (IpoueccuHr mogenm...)



CoolOuienue 00 OKOHYAHUH
[POIEeCCHHIa

~loix

= (») Command
[=1 [A\ Processing Mining Structure ‘All Dim_MNavBayes-1' completed successfully,
'3;. Start time: 26.07.2002 19:06:58; End time: 26.07.2002 19:07:06; Duration: 0:00:08
[A\ Processing Mining Model 'all Dim_NavBayes-1' completed successfully,
Z Processing Dimension 'all Dim_NavBayes-1 ~MC-RDEXRO M' completed successfully,
]A Processing Dimension 'all Dim_MNavBayes-1 ~MC-RTS M' completed successfully.
IZ. Processing Dimension 'all Dim_NavBayes-1 ~MC-RTRD M DIRI' completed successfully.
IZ. Processing Dimension 'all Dim_NavBayes-1 ~MC-IMQ C' completed successfully.
IA Processing Dimension 'all Dim_MNavBavyes-1 ~MC-Date' completed successfully.
IZ. Processing Dimension "all Dim_NavBayes-1 ~MC-EMPLDEC M' completed successfully.
I[. Processing Dimension 'all Dim_NavBayes-1 ~MC-IPCDE' completed successfully.
IZ: Processing Dimension 'all Dim_NavBayes-1 ~MC-WAG R M' completed successfully.
IZ. Processing Dimension "all Dim_NavBayes-1 ~MC-UNEMPL M' completed successfully.
IZ. Processing Dimension 'all Dim_NavBayes-1 ~MC-INVFC M' completed successfully.
IZ: Processing Dimension 'all Dim_NavBayes-1 ~MC-EPMNG' completed successfully,
@ Processing Cube 'All Dim_MavBayes-1 ~MC' completed successfully.
@p Start time: 26.07.2002 19:07:04; End time: 26.07.2002 19:07:06; Duration: 0:00:02
[ss] Processing Measure Group '~CaseDetail ~MG' completed successfully.
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