OcCHOBbI aHa/1IM3a
60/1bLLUMX AAHHbIX
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OcHOBHas 3aJ1a4a

~  HaxoXJeHue None3HbixX
3aKOHOMEPHOCTEN B MAaCCMBE
JIaHHbIX
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3apayvm Data Mining

= 0 BMAY MCKOMbIX - EAMHOro MHeHMA OTHOCUTENIbHO
3aKOHOMEPHOCTEN TOro, Kakme 3ajaum caepyet

- Knaccudukaums OTHOCHTb K Data Mining, HeT

= Knactepusauus

= [lporHo3unpoBaHue

- Accoumaums

 Busyanmzauus
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Knaccmndumkauma n Knactepmsaumsa

MiniBatchKMeansAffinityPropagation  MeanShift  SpectraiClustering Ward AgglomerativeClus
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Accoumnauma (Association)
MOUCK aCCOLUMATUBHbBIX MPaBU

~  HaxoXJeHne 3aKOHOMEPHOCTEN - [pnmep
MEAY CBA3aHHBIMM ~ Ha ocHoBe aHanu3a noseaeHus
0AHOBPEMEHHbIMM COOLITUAMM B No/b30BaTeNA B CETU MHTEPHET
Habope AaHHbIX 6e3 y4eTa CBOMCTB MOHO NpejcKasaTb CTeneHb ero
CaMMX 0OBEKTOB MHTEpeca K onpeaenéHHOM

TeéMaTUuKe




[lochegoBaTte/IbHOCTbL (Sequence)
nocnefoBartesibHasa accoumauma (sequential association)

~  HaxoXKAeHMe 3aKOHOMEPHOCTEU
MeXay CBA3aHHbIMM
Heo4HOBpPEeMEHHbIMU COOLITUAMM B
Habope AaHHbIX 6e3 yYyeTa CBOMCTB
CaMUX O6BHEKTOB

- MueTtca HanboblLasi BEPOSTHOCTb
LLENOYKM CBA3AHHbIX BO BPEMEHM
COObITUM

~ [lpumep

>

Ha ocHoBe aHanu3a
nocnenoBaTe/IbHOCTU
NPOCMOTPEHHbIX MOJib30BaTENIEM
CAMTOB B CETU MHTEPHET MOKHO
npeAcKasaTb BEPOATHOCTb Bblbopa
cnejylollero camra
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?SequenﬁaIPe

@ Point-based sequential

® Customer analysis, net
repeats in DNA sequer

® Simple relation betwee

time point-based
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[IlporHo3unpoBaHue

~ [lpoe2Ho3uposaHue (0T rpevyeckoro ~ [Ipoe2HO3UpoBaHUE HaNpPaBIEHO

Prognosis), B LULUPOKOM MOHUMaHMU Ha onpedesieHue TeHAEHUMM

3TOro CJ/I0Ba, onpejenaeTca Kak AMHAMMKM KOHKPETHOro 06beKTa
ornepexarliee oTpaxkeHue WM COObITMA Ha OCHOBE

oyaywero. PEeTPOCNEKTUBHbIX JaHHbIX, T.€.
Llenblo npo2Ho3uposaHuAa ABnAeTcA aHaJIM3a ero COCTOAHUA B MPOLLJIOM

npejcKa3aHue 6yayLIMX COBbITUM. U HACTOSALLIEM.




BusyanmnsaymA

\/

[o3BO/IAET NEPENTM OT CUMBOJIOB K
o6pa3zam

= JIMHUA MpPeHda UNn CKONJIEHUS
TOYEK Ha AMarpaMme paccemBaHMA
NO3BOISIET aHA/IMTUKY HAMHOIO
ObICTpee onpeaenuUTb
3aKOHOMEPHOCTU M NPUNTU K
HYXHOMY PELLEHUIO

- MoxeT BBeCTH B 3a6ny>|<,qul4e

- Xopollasa BM3yanmsaums
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= [lnoxaa BuM3yanmsauma
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CtaHaapTbl B 061aCTU 60/1bLUMX
JaHHbIX




MexayHapoaHble ctaHaapTbl MCO/MIK

= |ISO/IEC 20546:2019 Information technology - Big data - Overview and
vocabulary

= |ISO/IEC TR 20547-1:2020 Information technology - Big data reference
architecture - Part 1: Framework and application process

- ISO/IEC WD 5259-1 Data quality for analytics and ML - Part 1: Overview,
terminology, and examples
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HaunoHasibHble CTaHAapPThl

|

[My6an4vHoe ob6CyaeHue cTaHAapTa
O HanpaBJ/IEHMSAX CTaHAApPTU3aALMMU
60NbLUMX AAaHHbIX

HALUUWOHAJIbHbIA
CTAHOAPT
Nno 50J1bLUUM

A AAHHbIM

(d @ bigdata.msu.ru/standards
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< BIGDATA

0 LIEHTPE HOBOCTW KOHCOPLIUYM [TPOEKTbI



MexoTpacneBble / KOpnopaTUBHbIE
CTaHAapThl

= CRISP-DM (Cross-Industry Standard
Process for Data Mining) —
Hanbonee
pacnpocTpaHéHHaA MeTo40/10r S
No UCCNeA0BaHUIO AAHHBbIX.

Business # Data
Understanding h Understanding
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Preparation

Deployment 1‘

Evaluation




STEP 1: Choose A Programming
Language (Python / R)

STEP 2. Statistics

STEP 3: Learn SQL

STEP 4. Data Cleaning

STEP 5: Exploratory Data Analysis

STEP 6: Learn Machine Learning
Algorithms




CLASSI|ICAL MACHINE LEARNING

Data is pre-categorized Data is not labeled
or numerical " any way

SUPERVISED UNSUPERVISED

Divide
Pred ct '
a category nr:\?r:btor by s-m-lq/

CLASS‘F|CAT|ON CLUSTERING Find hidden

aSplit up similar clothing dependencies
«Divide the socks by colorn into Stacksn

[dentify Sequences

e 5 ASSOCIATION
. i (o =X aF ind what clothes | often
/ REGREss|ON S \ ) wear togethern
«Divide the ties by lengthn :’.:.:'
N DIMENSION
) REDUCTION
E. (generalization)
aMake the best outfits from the given clothes»
N
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